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A NEW LOOK AT USER COMMITMENT TOWARDS 
INFORMATION SYSTEMS: EVIDENCE FROM AMAZON’S 
MECHANICAL TURK 




This study is concerned with the factors affecting user commitment towards an information system, 
and specifically explores reasons to use crowd-sourcing systems such as Amazon's Mechanical Turk. 
The first research objective is to integrate two frameworks of user commitment into one unified 
framework, resolving differences in terminology and bringing the different bases of commitment into 
line. The findings demonstrate that, although five bases of commitment have been identified in theory, 
only four bases can be distinctively identified through empirical research. These bases are 
internalisation, affection, compliance, and calculation. The second objective is to understand which of 
the bases of commitment in this unified framework are most material in understanding behavioural 
intention to use an information system. The findings highlight the importance of perceived sacrifices of 
non-use (calculative commitment). This study is among the first studies to use Amazon's Mechanical 
Turk crowd-sourcing platform in information systems research, and offers an additional 
methodological contribution by developing a procedure to detect Mechanical Turk respondents that 
do not take crowd-sourcing tasks seriously. 
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Introduction 
Strong commitment towards using an information system is a much-desired, yet elusive concept for 
many software developers. The motivation of this study originates in unresolved inconsistencies that 
underlie current frameworks on user commitment. User commitment is defined here as the user’s 
degree of psychological attachment to a system. The level of attachment is expressed by strength of 
personal determination: the stronger the determination, the higher the level of commitment. The paper 
attempts to unify different sources of user commitment and isolate those sources that eventually lead 
to user acceptance. 
The underlying psychological processes of developing commitment are somewhat different from the 
processes as conceptualised by the traditional user acceptance models in information systems research. 
Traditional frameworks (e.g. Venkatesh & Davis, 2000; Venkatesh et al., 2003) have been modelled 
after the Theory of Reasoned Action (Ajzen & Fishbein, 1980; Fishbein & Ajzen, 1975). According to 
this theory, users develop usage intentions through a reasoned formation of attitudes towards using the 
system. According to commitment theory, on the other hand, users develop intentions through a less 
reasoned and more emotional process: emotional responses such as the development of affection or a 
fear of embarrassment emerge as key drivers for developing attachment to a system. Although these 
two approaches are not necessarily contradictory, each approach puts a different emphasis on the types 
of psychological processes that lead to user acceptance. 
A review of the existing literature on user commitment towards information systems generates three 
observations. First, in stark contrast to models based on the theory of reasoned action, models based 
on commitment have not been as widely employed. Empirical studies are scarce, with notable 
exceptions studies by Malhotra and Galletta (2005) and Li, Browne, and Chau (2006). Top 
management commitment has received much attention in the literature in the context of successful 
software development projects, but this concept is, although related, different from the concept as 
discussed here: it focuses on the psychological attachment of a manager to a project, not on the 
attachment of a user to a system. A second observation is that, despite the paucity of studies, empirical 
evidence on the influence of commitment is remarkably promising. Some bases of commitment (for 
example, affective bases of commitment) show strong influences on behavioural intention to use a 
system (as evidenced by Malhotra & Galletta, 2005; Li et al., 2006). Third, there does not appear to be 
a general consensus in the literature on the definition and nature of the bases of commitment that 
inform user acceptance. 
In order to substantiate the concept of user commitment, the existing literature has in the main adopted 
two lines of argument: one based on social influence theory, the other based on organisational 
commitment theory. These two lines of argument have given rise to two different theoretical 
frameworks. Each framework identifies a set of commitment bases that eventually determine user 
acceptance. A glance at both frameworks reveals that the types of commitment that are put forward in 
each framework are related, but not consistent with each other. Closer inspection reveals that this is 
partly due to differences in terminology, which can be resolved relatively quickly, but also partly due 
to more substantial differences in the emphasis put on different commitment bases. These differences 
raise the question whether there is benefit in integrating both frameworks into one comprehensive 
model. 
This study has two research objectives. The first objective is to integrate the two frameworks of user 
commitment into one unified framework, resolving differences in terminology and bringing into line 
the different bases of commitment. The second objective is to understand which of the types of 
commitments in this unified framework are most material in understanding behavioural intention to 
use an information system. 
To achieve these objectives, the study first develops a unified inventory of commitment bases, relying 
on earlier work by Malhotra and Galletta (2005) and Li et al. (2006). The paper then reports on an 
empirical study that measures these bases of commitment in conjunction with overall commitment 
towards the information system and a behavioural intention to use a system. The measures are 
subjected to an exploratory factor analysis to examine whether the data is able to reproduce the distinct 
commitment bases identified by theory. Following the factor analysis, the paper then employs 
regression analysis to identify which bases of commitment best predict overall commitment and 
behavioural intentions to use. The two theoretical contributions of the paper are therefore 1) a new, 
unified set of commitment bases, and 2) a new model relating commitment bases to behavioural 
intentions to use. 
The empirical part of the study was conducted through the use of Amazon’s crowd-sourcing platform 
Mechanical Turk, also known by its abbreviation MTurk. Crowd-sourcing (a term attributed to Howe, 
2006) refers to the use of a global, decentralised marketplace of individuals to distribute work. The 
Mechanical Turk system is the largest and most well known crowd-sourcing platform at the time of 
study. A detailed overview of Mechanical Turk and its use in the context of behavioural research is 
presented by Mason and Suri (2012). 
The concept of crowd-sourcing is relatively new and crowd-sourcing systems are in an early stage of 
maturity. Perhaps as a result of this, there are reports of some Mechanical Turk respondents “gaming” 
the system, in the sense that they do not take their tasks seriously. Gamers produce low quality output 
simply to retrieve the reward. To circumvent this problem, the study develops two methods to detect 
gaming and provides guidelines to remove “gamers” from the final sample. By doing so, the study also 
provides a third, methodological contribution to information systems research. 
The remainder of the paper is structured as follows. A theory section first provides a background to 
commitment research in information systems and defines hypotheses. A method section explains the 
measures used in the research, and provides more details about the Mechanical Turk platform. A result 
section analyses the data. A discussion of the results concludes the paper and provides 
recommendations for further research. 
1 Theory 
Before turning to commitment in information systems research, it is worth drawing attention to 
commitment in related areas of study where the concept has received more comprehensive treatment. 
In the marketing literature, commitment enjoys a prominent role in research on inter-firm 
relationships, following an influential study by Morgan and Hunt (1994). The study demonstrates that 
commitment and trust are key mediators between characteristics of the business relationship and the 
relationship outcomes. In the psychology literature, commitment towards goals has emerged as a key 
mediator for goal acceptance (Hollenbeck, Williams, & Klein, 1989; Klein, Wesson, Hollenbeck, & 
Alge, 1999). The mediating role of commitment in both areas suggests a two-step pattern, where 
certain antecedents first influence psychological attachment (i.e., commitment), the level of which 
then goes on to create positive or negative outcomes. By analogy, the two-step pattern may also occur 
in the acceptance of information systems: first, characteristics of the information system influence the 
degree of psychological attachment; second, the psychological attachment influences the use (or non-
use) of the system. This two-step pattern also forms the underlying structure of models of commitment 
in the information systems literature. 
The conceptual framework for this study initially posits the bases of commitment as independent 
variables of equal standing, and links them to two dependent variables: overall commitment towards 
the information as well as intention to use. The bases of commitment act as mediators between the 
system itself and user acceptance of the system. Figure 1 presents the two-step framework, with the 
accompanying hypotheses drawn in. 
 
Figure 1. Initial conceptual framework and hypotheses. Dotted lines indicate relationships not 
covered in the study. 
Five bases of commitment emerge from the literature. Three bases of commitment were 
conceptualised in a study by Malhotra and Galletta (2005). These bases in turn were derived from 
social influence theory as first put forward by Kelman (1958). Two other bases of commitment were 
conceptualised in a study by Li et al. (2006). These bases were derived from the literature on 
organisational commitment. In order to arrive at a unified inventory of commitment bases, the present 
study will first examine each base separately, and then use theoretical argumentation and empirical 
evidence to integrate these bases. 
The hypotheses for each commitment base follow a similar pattern such that each base is linked first to 
overall commitment and then to behavioural intention to use a system. Overall commitment is a 
construct that refers to the general level of psychological attachment towards the system, without 
taking into account the underlying base of commitment from which the attachment originates. 
Intention to use a system is the canonical dependent variable of user acceptance research in this 
tradition (Davis, Bagozzi, & Warshaw, 1989; Venkatesh & Davis, 2000; Venkatesh et al., 2003). 
Although intention to use may not always be the most sought after positive outcome, the present study 
employs this variable to preserve comparability with previous research and examine the relationship of 
intention with overall commitment. There is empirical evidence that the bases of commitment have a 
direct influence on intention to use a system: Li et al. (2006) find that affective commitment has the 
strongest influence on behavioural intention, followed by calculative commitment (significant path 
coefficients are .38 and .13 respectively). 
The first three bases of commitment were first proposed by Kelman (1958) in the form of types of 
social influence. The three types are internalisation, identification, and compliance. Kelman 
formulated these types as different ways in which people accept influence from other people, and as a 
result adopt changes that these other people propose. The types of influence are formulated from the 
viewpoint from the “influencee”, which allows for a straightforward translation to a base of 
commitment. A brief summary of each commitment base follows. A more detailed discussion can be 
found in Malhotra and Galletta (2005). 
Internalisation is a process where a person accepts influence because what is suggested also 
corresponds with the individual’s own personal values and beliefs. The proposed change is partly of 
fully congruent with the individual’s belief system: it is what the individual “stands for”. With this 
type of influence, the individual accepts the proposed change to the extent that the change is consistent 
with deeply held beliefs about how societies and economies should work (Kelman, 1958). 
Transferring the internalisation type of social influence to a base of user commitment implies that the 
commitment originates from deeply held, “internalized”, beliefs of the user. In the case of 
internalisation-based commitment, the users are committed to using a system because usage is 
consistent with their long-held principles about life and work. In contrast, users are less committed if 
usage is inconsistent with these principles. The psychological responses that are associated with this 
type of commitment include a sense of responsibility and moral obligation (positive), but also, in 
extreme cases, feelings of self-betrayal if using the system is deemed to be inconsistent with strong 
personal values (negative). 
H1: Internalisation positively influences overall commitment towards using an information system  
H2: Internalisation positively influences behavioural intention to use an information system 
The second type of influence is based on identification. This type refers to a process where a person 
accepts influence because what is suggested corresponds with the behaviour of (or is approved by) 
people and groups important to the individual. The proposed change may not be congruent with the 
individual’s belief system, but the individual “identifies” with other people and, in order to be 
identical to other people, is prepared to accept the proposed change regardless of personal beliefs 
(Kelman, 1958). 
Transferring the identification type of social influence to a base of user commitment implies that the 
commitment originates from an affection towards the system (or the organisation behind the system), 
irrespective of whether this is congruent with a personal assessment of costs and benefits. The 
emotional responses that are associated with this type of commitment are loyalty, warmth, and 
affection felt towards the system, or the organisation behind the system. Identification also comes 
about through a sense of pride in using the system, in the sense that pride often arises from perceived 
success at full identification. Examples include a commitment towards certain technologies because 
they are endorsed by successful celebrities.  
H3: Identification positively influences overall commitment towards using an information system  
H4: Identification positively influences behavioural intention to use an information system 
The third type of influence is compliance. This type of influence refers to a process where a person 
accepts influence because the proposed change may either 1) bring about rewards important to the 
person, or 2) lead to unwelcome penalties if the change is not adopted (non-compliance). The focus 
here is not so much on accepting the proposed change itself, but rather on the consequences of 
accepting or not accepting the change. These consequences can be negative, positive, or mixed 
depending on the change (Kelman, 1958). 
Once again transferring the compliance type of social influence to a base of user commitment implies 
that the commitment originates from the need to accrue benefits after (or during) use of the system, or 
from the fear of negative consequences that may arise from not using the system. The emotional 
responses associated with this type of commitment can originate from a desire to better one’s life, but 
also job insecurity, or a fear of repercussions. Examples include commitment towards using certain 
medical technologies for those who are dependent on these technologies to survive. 
Malhotra and Galletta (2005) find that through empirical evidence that the internalisation and 
identification bases of commitment are best combined into one unified base. This commitment base 
(internalisation + identification) then positively influences behavioural intention in a situation of 
extended use (that is, after six months). In this situation they also find that compliance-based 
commitment had a negative significant influence on intention to use. The directionality of the 
hypothesis is surprising given that an increased commitment of whatever type would seem to lead to 
increased intentions to use. The present study will change the direction back to the original format but 
will revisit the issue in the discussion of results.  
H5: Compliance positively influences overall commitment towards using an information system  
H6: Compliance positively influences behavioural intention to use an information system 
The second approach to conceptualising bases of commitment is from the literature on organisational 
commitment. Commitment to the organisation has long been a concept without too much clarity (see 
e.g. Jaros, Jermier, Koehler, & Sincich, 1993). Three bases of commitment have been identified: moral 
commitment, affective commitment, and continuous commitment. The first base, moral commitment, 
is conceptually identical to the internalisation base of commitment described earlier. For example, 
Jaros et al. (1993) define moral commitment as the degree to which an individual is psychologically 
attached to an employing organisation through internalisation of its goals, values, and missions (p. 
955, emphasis added). For this reason, moral commitment is not discussed further here and has been 
ommitted from the theoretical framework. 
The second base of commitment identified through the organisational commitment literature is 
affective commitment. Affective commitment is based on feelings of warmth and fondness towards 
the organisation. Translating this form of commitment to the domain of information systems, Li et al. 
(2006), in a study on online stores, recast the concept as a form of emotional attachment of the user 
towards the owner of the system (the store vendor). This is consistent with the notion of affective 
commitment as an emotional bond in a relationship, in this case the relationship between user and 
store owner. Previous empirical evidence in the organisational commitment literature demonstrates 
that affective commitment is generally the strongest form of commitment followed by continuance 
commitment (Allen & Meyer, 1990). 
Affection and identification bear strong resemblance to each other. In the organisational commitment 
literature, affective commitment has been defined as “an affective or emotional attachment to the 
organisation such that the strongly committed individual identifies with, is involved in, and enjoys 
membership in, the organisation” (Allen & Meyer, 1990, p2, emphasis added). Thus, the focus of 
identification is on the organisation generally whereas in social influence theory the focus of 
identification is confined to specific people such as celebrities or role models that the individual looks 
up to. In information systems terms, the identification can be with the system itself, with the 
organisation behind the system, or with those using the system, and it is possible that all foci of 
identification blend together into one.  
H7: Affection positively influences overall commitment towards using an information system  
H8: Affection positively influences behavioural intention to use an information system 
The second form of commitment identified in the organisational commitment literature is continuance 
commitment. This commitment base originates from the perceived cost associated with withdrawal 
from the organisation (Allen & Meyer, 1990). The employee chooses to continue to be a member of 
the organisation because continuance itself avoids costs that will occur otherwise. Theoretically and 
empirically, continuance and affection are related but distinct concepts: employees may develop 
continuance commitment towards the organisation, but no affective commitment, or vice versa (see 
e.g. Allen & Meyer, 1990; Jaros et al., 1993). 
Transferring this concept to the domain of information systems, continuance commitment has been 
recast as calculative commitment (Li et al., 2006). The user “calculates” the sunk costs associated with 
discontinuing use of the system, and strong commitment stems from a desire to avoid these costs. 
These sunk costs may represent considerable investment such as, for example, effort put into learning 
and using the system.  
H9: Calculation positively influences overall commitment towards using an information system  
H10: Calculation positively influences behavioural intention to use an information system 
Calculative commitment and compliance-based commitment share an obvious resemblance. Both 
bases of commitment are based on the consequences of use, rather than use itself. The difference is a 
subtle emphasis on the type of consequence. Compliance based commitment emphasises positive 
consequences, that is, the rewards of continuance. Calculative commitment emphasises negative 
consequences, that is, costs incurred after withdrawal. It is possible that those positive and negative 
consequences may not be conceptually distinct, because every negative consequence can be framed as 
a positive consequence and vice versa. In that sense, compliance and calculative forms of commitment 
may blend into each other, just like affective and identification-based commitment. 
The last hypothesis refers to the relationship between overall commitment towards the information 
system and the use of the information system. It seems logical to argue that this relationship is 
positive: a higher level of psychological attachment, from whichever base, leads to stronger intentions 
to use the system. Note however that, in this conceptualisation, the mediation is “doubled-up”: the 
overall level of psychological attachment mediates between the specific bases of psychological 
attachment and behavioural intention.  
H11: Overall commitment towards using an information system influences behavioural intention to 
use an information system 
2 Method 
This section will first discuss measures, then the crowd-sourcing data collection procedure, and then a 
description of the sample. The scales that measure the bases of commitment all contained multiple 
items, which were sourced from the two reference papers of this study, Malhotra and Galletta (2005) 
and Li et al. (2006). The first reference paper adapted commitment scales from O’Reilly and Chatman 
(1986) to measure internalisation, identification, and compliance-based commitment. The second 
paper adapted commitment scales from Allen and Meyer (1990) to measure affective and calculation-
based commitment. The present study adapted all measures to reflect commitment to using the specific 
information system under study (MTurk). Otherwise they were left intact.  
The two dependent variables were measured using single items. Each item reflected a statement to 
which the respondent was asked to disagree or agree using a seven point Likert scale, ranging from 
Strongly Disagree to Strongly Agree. The commitment statement was: “I am strongly committed to 
using MTurk” and the Intention statement was: “I expect my use of MTurk to continue in the future 
(long-term, next year).” 
The questionnaire items were incorporated into a web-based questionnaire using tailor-made online 
survey software. Importantly, an open question was added which invited respondents to provide an 
optional comment on their responses. The resulting survey was subsequently presented to the 
community of workers at the Mechanical Turk website. 152 Mechanical Turk workers volunteered to 
participate in the survey in return for a small payment. 
Prior studies that have employed Mechanical Turk have indicated that the responses of some workers 
may be of poor quality (e.g., Downs, Holbrook, Sheng, & Cranor, 2010). It is not possible for 
researchers to verify directly whether participants respond to questions with serious intent. This is 
partly so because participants are unsupervised. The problem, however, also extends to surveys in 
supervised situations, such as students in a classroom, where serious intent may also emerge as an 
issue. In the data set under study, there are indications that there may be some form of “gaming”, i.e., 
respondents not taking the questionnaire seriously but filling it in just to retrieve the micro-payment.  
Response time may be one way to detect gamers. For example, it took 5 respondents just under one 
minute to respond to all survey questions. There is, however, as yet relatively little research on ways to 
detect gaming systematically in Mechanical Turk responses. One solution is to add questions for 
which there is only one correct answer, and which require close reading to answer correctly (an 
approach used by Downs et al., 2010). The present study uses a different approach, and employs two 
post hoc statistical procedures to detect who the gamers are. The underlying rationale of both tests is to 
derive approximations of respondent’s “seriousness.” The analysis then proceeds by contrasting this 
level of seriousness to the actual responses. When a gamer is identified, he or she is removed from the 
dataset. 
The first test focuses on the optional open question at the end of the survey. 54 respondents out of 152 
(36%) entered a comment. These respondents were classified as “left comment”, and the remaining 
respondents were classified as “did not leave comment.” For the purposes of the analysis, the 
respondents who left a comment are treated as the “serious” respondents, and those who did not as the 
“less serious”. The analysis then proceeds with a Student t-test comparing the responses of the serious 
respondents with the ones from the less serious respondents. If the test is significant, then this may be 
an indication that the quality of the less serious respondents is not acceptable. 
The second type analysis ranks each respondent according the time it took them to complete the 
survey, using a simple process known as ordinal transformation. The online survey software measured 
duration in seconds by comparing start and finish time of the survey session. The ordinal 
transformation results in a rank order of “seriousness” in the sense that those who completed the 
survey the fastest are assumed to be the ones who are the least serious. The analysis then proceeds by 
correlating this rank order with the responses of the study, to examine whether there is any significant 
association between answers and survey duration. If the correlation is significant, then this may again 
be an indication that the quality of the fastest respondents is not acceptable. 
Due to space limitations, full results and analysis of these two procedures cannot be provided in this 
paper. The results, however, indicate that the “fast-test” procedure is much more successful than the 
“comment-test” procedure. Following analysis of the responses of the fast respondents, eventually the 
fastest 23 respondents were removed from the analysis, which results in a final sample of 129 
respondents. The demographic profile of the sample is as follows. 82 of the 129 respondents were men 
(63.6%). The majority of respondents classified themselves within the 21-30 and 31-40 age brackets 
(25% and 55% respectively). The majority of respondents came from India (85%), followed by the 
United States (8%). 
3 Result 
The study will first look at the reliability of the multi-item measurements of the bases of commitment. 
Table 1 includes an overview of the descriptive results of each item, as well as the internal consistency 
of each construct as measured by Cronbach α (last column). 
Looking at each construct individually, the internal consistency is acceptable for all bar one: 
compliance-based commitment. Closer inspection of this construct reveals one problematic item, 
COMP3. This question (“My private views about the use of System are different than those I express 
publicly.”) is somewhat loaded and it is possible that respondents did not feel comfortable answering 
this question. After removing the item from the analysis, internal consistency improved to .64. This is 
similar to the internal consistency of the measure in the study by (Malhotra & Galletta, 2005). For this 
reason, COMP3 is removed for the remainder of the analysis. 
The next stage in the analysis is an exploratory factor analysis. A principal component analysis was 
carried out to examine whether the commitment bases could be identified in the sample as distinct 
concepts. The KMO test for sampling adequacy was .88 and Bartlett’s test of sphericity was 
significant. Both tests indicate that the sample is adequate for the principal component analysis. 
Based on the eigenvalue criterion for determining the number of factors, the analysis uncovered a 
four-factor structure, not a five-factor structure as perhaps expected. Table 1 includes an overview of 
the factor loadings and communality associated with each factor. 
 
 
Item  M SD 1  2  3  4  Communality  Cronbach alpha  
INTER1  5.33  1.31  .85     .83  0.87  
INTER2  5.26  1.30  .85     .87   
INTER3  5.41  1.18  .75     .72   
         
IDEN1  5.81  1.34   .58    .70  0.87  
IDEN2  5.55  1.53   .74    .66   
IDEN3  5.40  1.57   .74    .68   
         
COMP1  5.19  1.53    .84   .75  0.64 
COMP2  5.57  1.39    .63   .56   
COMP4  5.46  1.51    .64   .64   
         
AFF1  5.80  1.37   .82    .75  0.90  
AFF2  5.95  1.23   .80    .75   
AFF3  5.91  1.22   .79    .79   
         
CALC1  4.81  1.69     .84  .80  0.84  
CALC2  4.57  1.61     .81  .76   
CALC3  5.05  1.65     .84  .73   
Table 1:  Principal component analysis of five bases of commitment (N = 129). Factor loadings 
lower than .50 suppressed. INTER = Internalisation, IDEN = Identification, COMP = 
Compliance, AFF = Affection, CALC = Calculation. 
As already alluded to in the theoretical section of the paper, the affection and identification bases of 
commitment appear to be measuring the same underlying concept. Looking more closely at the items, 
the common factor is not surprising given the similarity of the wordings. On the basis of this, the 
analysis will proceed with one single construct combining identification and affection: IDEN + AFF. 
The internal consistency of the combined factor is 0.91. 
The theoretical section of the paper also alluded to the resemblance of compliance and calculation, 
implying that these bases of commitment may also load on one single factor. This however does not 
appear to be the case and for this reason both constructs were held separately in the remainder of the 
analysis. One consequence of “merging” identification with affection is that the hypotheses that 
referred to these commitment bases must also be merged. Specifically, hypotheses 3 and 4 are now 
identical to hypotheses 7 and 8. 
Following the principal component analysis, composite scores for each commitment base were created 
through averaging the corresponding items. In a direct test of the hypotheses, the study will now 
proceed to link the commitment bases towards intention to use and overall commitment. This is done 
through two regressions, one for each dependent variable. Table 2 displays the results. 
Table 2 first demonstrates that in both cases, the collection of all independent variables is able to 
significantly explain variance in the dependent variable. The first regression has a respectable R
2
 of 
.39, with two significant variables: IDEN + AFF and CALC. Looking at the standardised regression 
coefficients, the implication is that overall commitment is most strongly influenced by affection and 
somewhat less so by calculative commitment. On this bases we can accept hypotheses H3, H7, and H9 
but we must reject hypotheses H1 and H5. 
The second regression has a more modest R
2
 of .16, with only one significant variable, CALC. The 
implication is that calculation-based commitment has a weak, positive influence on intention to use, 
whereas the other bases – including overall commitment – have no relationship with intention to use. 
On this basis, we can accept hypothesis H10 but we must reject hypothesis H2, H4, H6, H8 and H11. 
 
 b  Beta  t  sig  
Predicting Commitment. R
2
 = .39, F(4,124) = 19.60, p < .001     
INTER  .033  .025  .278  .782  
COMP  .121  .092  1.138  .257  
IDEN + AFF  .565  .440  4.201  .000  
CALC  .194  .189  2.334  .021  
     
Predicting Intention. R
2
 = .16, F(5,123) = 4.7, p = .001     
Commitment  .080  .095  .901  .370  
INTER  .051  .046  .431  .667  
COMP  .128  .115  1.204  .231  
IDEN + AFF  .071  .066  .500  .618  
CALC  .188  .216  2.229  .028  
Table 2. Predicting commitment towards and intention to use an information system (N = 129) 
4 Discussion and conclusion 
This empirical study sought to address two research objectives: to create a unified set of commitment 
bases, and to explore the relative influences of these commitment bases on overall commitment and 
intention to use an information system. To start off this section, the study will revisit these objectives 
in turn. 
The research first demonstrates that, although five bases of commitment have been identified in 
theory, only four bases can be distinctively identified through empirical research. These bases are 
internalisation, identification, compliance, and calculation. The study contributes to the literature by 
demonstrating that affection and identification measure the same underlying concept, and that 
compliance and calculation measure different concepts. Thus, the recommendation for further research 
is that affection and identification can be merged into one factor, possibly renamed simply as 
“Affection towards System”, but that compliance and calculation must be treated separately. 
As indicated in the theory section of this study, the difference in measurement of compliance and 
calculation is in the emphasis of the type of consequences. Compliance, as it is currently measured, 
focuses on forthcoming rewards, the positive consequences. Calculation focuses on the sacrifices, the 
lack of rewards, or the negative consequences in case of withdrawal. The results do not give support to 
the suggestion made earlier that these consequences are two sides of the same coin and would measure 
one underlying single factor. To put greater emphasis on these differences, the recommendation is to 
recast these concepts as “Perceived rewards of use” (for compliance-based commitment) and 
“Perceived sacrifices of non-use” (for calculative-based commitment). 
The poor internal consistency of compliance-based commitment must also be addressed in future 
research. Looking closely at the measurement items of compliance-based commitment, the argument 
can be put forward that these items measure a person’s private inclination to use a system on condition 
of receiving rewards, rather than an assessment of these rewards themselves. This may explain the 
negative relationship between compliance and intention in Malhotra and Galletta (2005)’s study. 
Malhotra and Galletta (2005) studied a knowledge management system in the workplace, which 
employees were free to use or not use. It is conceivable that in this very particular case, the rewards 
for usage were minimal, in which case those individuals for whom rewards were a condition had 
strong intentions not to use the system. Thus, those with high reward “conditions” may not intent to 
use a system with no rewards. This interpretation, incidentally, also provides an alternative 
explanation why the compliance construct is conceptually distinct from the calculation-based 
construct, and why it does not appear to influence intention to use in the current study. The 
recommendation for future research is to revisit the measurement of “perceived rewards of use”, and 
examine whether a new measurement of the concept is still consistent with the findings of the present 
study.  
The second objective of the study is to examine what the relative influence is of each base of 
commitment to overall commitment and behavioural intention to use. The study contributes to the 
literature by exploring these influences for crowd-sourcing systems such as Amazon’s Mechanical 
Turk. The study demonstrates the importance of perceived sacrifices of non-use (calculative 
commitment) for behavioural intention to use a crowd-sourcing system, and the importance of 
affection towards a crowd-sourcing system for overall commitment. 
The importance of affection for overall commitment is consistent with earlier research on 
organisational commitment (Allen & Meyer, 1990) as well as user commitment (Li et al., 2006). 
Psychological attachment towards a system is strongly influenced by emotional attachment – feelings 
of warmth, loyalty, and enjoyment. Of much less importance are the consequences of usage, although 
perceived sacrifices upon withdrawal play a role.  
The internalisation base of commitment does not appear to play any role. The relative influence of 
each commitment base on behavioural intention, as identified by this study, is somewhat inconsistent 
with the one found by other studies. Li et al. (2006) studied commitment towards online store websites 
and found affective commitment to be a strong predictor, followed by calculative commitment. 
Malhotra and Galletta (2005) studied commitment towards knowledge management systems and 
found weak support for internalisation and identification, but – as discussed – strong support for 
compliance in the opposite direction. 
The inconsistency in results regarding the mix of relative influences is possibly related to the type of 
information system under study. The research focused only on one single type of system: a crowd-
sourcing platform. It is conceivable that different types of systems may evoke different types of 
psychological attachment. A recommendation for further research is to explore these different types of 
systems and analyse whether these types generate different commitment “profiles”. A detailed analysis 
of the characteristics of information systems may lead to an inclusion of these characteristics in the 
framework, and result in a better, more refined understanding of the relationships between information 
systems and user commitment. 
It is worth examining in more detail why several hypotheses were not supported in this study. 
Regarding the lack of support for some bases of commitment, it is possible that multicollinearity was 
present, the result of which is that the non-significant bases simply “step aside” to make room for the 
strongest predictive variable. The inter-correlations between some bases of commitment were certainly 
strong. To examine the effects of multicollinearity, individual regressions looking at explained 
variance for each separate independent variable may be helpful. Single regressions on intentions to use 
were carried out where each base was regressed separately. All bases significantly explained a degree 
of variance (IDEN R2 = .06, COMP R2 = .07, IDEN+AFF R2 = .10). These amounts, however, are 
very modest and so the conclusion must remain that, of all bases, the CALC base is the one most 
prominent. 
The lack of support for a relationship between overall commitment and intention to use is an 
indication that the mediation does not “double-up”. The theory section discussed a two-step process 
for commitment: a person first builds psychological attachment, which then goes on to influence other 
positive or negative outcomes. The study demonstrates that commitment arising from a base does not 
first influence an overall level of commitment before it goes on to influence positive or negative 
outcomes. Rather, it does so directly. 
A methodological contribution of the study is the detection of gamers, that is, those MTurk 
respondents that do not respond to the survey with serious intent. To detect these, a procedure is 
followed whereby first each respondent is assessed on their “seriousness”, following which their 
seriousness-level is correlated with the survey responses. The fastest responses are removed until there 
is no longer a correlation. A limitation is that the procedure is not infallible and may lead to Type I 
and Type II errors: gamers may still be in the final sample, and those that are serious may have been 
left out. The procedure, however, establishes a benchmark for future research in this area. 
In conclusion, the study has demonstrated the usefulness and the limitations of conducting IS research 
on crowd-sourcing platforms. New lines of research have opened up, such as the reframing of 
commitment into “rewards” and “sacrifices”, the universality of commitment models across all 
systems, and the types of psychological processes that eventually play a role. Crowd-sourcing 
platforms provide ample opportunities for tuning and refining acceptance models and for clarifying 
methodological ambiguities. In doing so, they promise to play a valuable role for IS research in the 
future. 
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